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⤒క࠺ COVID-19 㛵㐃グࡢṇ☜ࡢࡉ㆑ูຊ

㸦┿ࡢグࢆṇࠊ࠸ࡋഇࡢグࢆㄗࡿࡍุ᩿ࡾ⬟

ຊ㸧ࡢኚ࡚࠸ࡘศᯒࡓࡋ⤖ᯝࢆሗ࿌ࠋࡿࡍศᯒ

ࢱ࣮ࢹࡢ⌧ᐇ㦂ࡢࡘࡓࢀࡉᐇᮇࡿ࡞␗ࠊࡣ

⤒ࡣ㆑ูຊࡢࡉ☜ṇࠊᯝ⤖ࡢศᯒࠋࡓࡋ⏝ࢆ

ࠊࡣపୗࡢ㆑ูຊࠊࡓࡲࠋࡓࡋㄆ☜ࢆࡇࡿࡍపୗࡶ

COVID-19 ᨻⓗࡢ⪅㦂⿕ࠊࡸࡇࡓࢀⷧࡀ㛵ᚰࡢ

೫ࡢࡾኚࡣ࡛ࡅࡔ༑ศㄝ᫂ࢆࡇ࠸࡞ࢀࡉ☜ㄆࡋ

 ࠋࡓ

 

 ࡵࡌࡣ .1

㏆ᖺࠊㄗሗࡢᣑᩓࡀ࡞ࡁ♫ၥ㢟ࠋࡿ࠸࡚ࡗ࡞

ㄗࡓࡗྲྀࡅཷࠊࡣศ㔝࡛ࡢㄆ▱ᚰ⌮Ꮫࠊ࠸కࢀࡇ

ሗࢆඹ᭷ࡿࡍே㛫ࡢㄆ▱㐣⛬ࢆゎ᫂ࡉࠊࡵࡓࡿࡍ

ࢵࢼࡉ☜ṇࠊ≉ࠋ[1,2]ࡿ࠸࡚ࢀࢃ⾜ࡀ✲◊࡞ࡲࡊࡲ

⪅✲◊ࡢࡃከࠊࡣධ[3]ࡿࡼ㸦accuracy nudge㸧ࢪ

ṇࡀグࡢࡑࠊࡣࢪࢵࢼࡉ☜ṇࠋࡿ࠸࡚ࡵ㞟ࢆ┠ὀࡽ

࣑ࣥࣛࣉ࠺ࡼࡿࡏࡉࡅྥࢆὀពࠖࠕ࠺࠸ࡋ

ࡿࡍ࠺ࡼࡋᢚไࢆඹ᭷ࡢㄗሗࠊࡾࡼࡇࡿࡍࢢ

㸦࣒ࢲࣥࣛࡣࢢ࣑ࣥࣛࣉ㑅ࡔࢇグࡢṇ☜ࢆࡉᐃ

ᮇⓗホ౯࠺࠸ࡿࡏࡉᙧ࡛ࡿࢀࡽ࠼㸧ࠋ 
ṇ☜ࡢࡘࡃ࠸ࠊ࡛ࡲࢀࡇࠊࡣ࡚࠸ࡘࢪࢵࢼࡉ

ほⅬࡀ✲◊ࡽ㐍ࡑࡶ࡛✲◊ࡢࢀࡎ࠸ࠊࡾ࠾࡚ࢀࡽࡵ

ࠊ᪉୍ࠋ㸧[4]ࡤ࠼㸦ࡿ࠸࡚ࢀࡉㄆ☜ࡀධຠᯝࡢ

Roozenbeek ࡢࢪࢵࢼࡉ☜ṇࠊࡣ⌧ᐇ㦂࡛ࡓࡗ⾜ࡀࡽ

ධຠᯝ☜ࡣᏑᅾ࡚ࡵࢃࡁࡣࢬࢧࡢࡑࠊࡀࡿࡍ

ᑠࡀࡇ࠸ࡉሗ࿌ࠋ[5]ࡓࢀࡉᙼࡢࡽ⌧ᐇ㦂2020ࠊࡣ
ᖺ 3 ᭶ Pennycook COVID-19ࠊࡓࡗ⾜ࡀࡽ 㛵㐃グࢆ

ࡓࡗᐇ㦂[4]ࠊࢆSystematizing Confidence in Open 
Research and Evidence㸦SCORE㸧ࡢᡭ㡰ᚑ࡚ࡗཝᐦ

⌧ࠋࡓࡋRoozenbeek ẚᐇ㦂[4]ࢺࢵࢤ࣮ࢱࠊࡣࡽ

࡚ධຠᯝࡀᙅࠕࠊ࡚ࡋࡘ୍ࡢ⏤⌮ࡓࡗࡲேࡣࠎ㛫

ࡶ㐣⤒ࡢ COVID-19 ࡋ㡰ᛂ㸦attuned㸧ㄗሗࡢ

㏉ࡾ⧞ㄗሗࡌྠࠋ[5]ࡓࡋᣦࢆᛶ⬟ྍ࠺࠸ࠖࡓ

࡞࠺ࡼࡿࡍㄆ㆑ࡿ࠶ᐇ࡛┿ࡾࡼࠊ࡛ࡇࡿࡍ᥋ࡋ

㡰ᛂ࠺క⤒ࠊࡾ࠾࡚ࢀࡽ▱ࡶᐇ㘒ぬຠᯝ[6]┿ࡿ

᭷ࡣ௬ㄝࡿࡍࡓࢀࢃ࡞ᦆࡀຠᯝࡢࢪࢵࢼࡉ☜ṇࡾࡼ

ຊ࡛ࠋࡿ࠶ 
ᮏ✏࡛ࠊࡣRoozenbeek COVID-19ࠕࡢࡽ 㡰ㄗሗࡢ

ᛂ࠺࠸ࠖࡓࡋ௬ㄝࠕࠊ≉ࠊ࡚࠸ࡘṇ☜ࡢࡉ▱ぬࡢ

⤒ⓗ࡞ኚ࡚ࠖࡋ┠╔ศᯒࡓࡋ⤖ᯝࢆሗ࿌ࠋࡿࡍ

ศᯒࠊࡣ࡚ࡗࡓ࠶ḟࡢࡋྜ⤖ࢆࢺࢵࢭࢱ࣮ࢹࡢࡘ

Roozenbeekࠊࡣࡘ୍ࠋࡿࡍ⏝ࢆࢱ࣮ࢹࡓ ࡀࡽ 2020
ᖺ 9 ᭶ 23 ᪥㹼30 ᪥㸦⡿ᅜ⌧ᆅ㛫㸧ᐇࡓࡋ⌧ᐇ

㦂ࡀࡽ⪅➹ࠊࡣࡘ୍࠺ࡶࠋࡿ࠶࡛ࢱ࣮ࢹࡢ 2023 ᖺ 2 ᭶

26 ᪥㸦⡿ᅜ⌧ᆅ㛫㸧ᐇࡓࡋ⌧ᐇ㦂ࢱ࣮ࢹࡢ㸦௨

ୗࠊFujimoto ࡇࠋࡿ࠶㸧࡛ࡪࢱ࣮ࢹ⌧ᐇ㦂ࡢࡽ

ࡿ࠶ࠊ┿ࠊࡾࡼࡇ࠺ࢆࢺࢵࢭࢱ࣮ࢹࡢࡘࡽࢀ

ࡢࡶ⤒ࡀぬ▱ࡢࡉ☜ṇࡢሗࡢഇࠊࡣ࠸

 ࠋࡿ࡞⬟ྍࡀࡇࡿㄪࢆࡓࡋኚ࠺ࡼ

2. ศᯒࡿ࠸⏝ᐇ㦂ࢱ࣮ࢹ 

ᮏ❶࡛ࠊࡣศᯒ࡚࠸ࡘࢺࢵࢭࢱ࣮ࢹࡿ࠸⏝⡆༢

ᯝ⤖ࡢᐇ㦂ࣥࣛࣥ࢜ࡶࢱ࣮ࢹࡢࢀࡎ࠸ࠋࡿࡍㄝ᫂

ࡉ☜ṇࠊࡏぢࢆഇ㸧ࡣࡓࡲ┿グ㸦⪅㦂⿕ࠊࡾ࠶࡛

㸦ෆᐜࡀṇ࠸ࡋᛮࡿ࠼⛬ᗘ㸧ࢆ࡞ホ౯࠺ࡽࡶ࡚ࡋ

ᙧ࡛ᐇࡓࢀࡉ⤖ᯝ࡛ࡢࢱ࣮ࢹྜ⤖ࠋࡿ࠶せ࡞㡯┠

㸦ኚᩘྡ㸧ࠊࡣ࡚࠸ࡘ⾲ 2.1  ࠋࡿࡵࡲ
 
2.1 Roozenbeek  ࢱ࣮ࢹ⌧ᐇ㦂ࡢࡽ
 Roozenbeek Pennycookࠊࡣ⌧ᐇ㦂[5]ࡢࡽ ࡢ[4]ࡽ
Study 1 Study 2ࠊࡢࡶࡿࡍ⌧ࢆ ศࡢࡶࡿࡍ⌧ࢆ

⌧࡞ⓗ⤒ࡢぬ▱ࡢࡉ☜ṇࠊࡣᮏศᯒ࡛ࠋࡿࢀࡽࡅ

ᛶࢆㄪࠊࡕ࠺ࡢࡽࢀࡇࠊࡵࡓࡿStudy 1 ࢹ⌧ᐇ㦂ࡢ

Study 1ࠋࡿࡍ⏝ࢆࢱ࣮ COVID-19ࠊࡣ⌧ᐇ㦂࡛ࡢ
ࡿࡍ㛵 30 ࡕ࠺ࡢࡽࢀࡇࠊࢀࡉ⏝ࡀグࡢ௳ 15 ௳

ࡢࡾṧࠊ┿ࡀෆᐜࡣ 15 グࠋࡿ࠶ഇ࡛ࡀෆᐜࡣ௳ 1 ௳

㦂⪅⣙⿕ࠊࡾࡓ࠶ 570 ᐇ㦂ࠋࡿ࠸࡚ࢀࡽᚓࡀホ౯ࡢྡ

ᙧ࡛ࡿࡍເ㞟ࢆ⪅㦂⿕ࡢ⡿ᅜᅾఫ࡚ࡗࢆRespondiࡣ
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ᐇࠊࢀࡉᖺ㱋ࠊᛶูࠊẸ᪘ⓗ⫼ᬒࠊᆅ⌮ⓗᆅᇦࡘ

 ࠋࡓࢀࡉ㞟ࡀࣝࣉࣥࢧࡿࡍ⮴୍⡿ᅜேཱྀ࡚࠸
 
2.2 Fujimoto  ࢱ࣮ࢹ⌧ᐇ㦂ࡢࡽ

 Fujimoto ࡓࡋ⏝ࡀࡽ Roozenbeekࠊࡣ⌧ᐇ㦂ࡢࡽ

グ 30 ࡓࡋ㞟ࣝࢼࢪࣜ࢜ࠊ࡚࠼ຍ௳ COVID-19
㛵㐃ࡢグ 12  㸦ᮾிᏛⱁᏛࡓࢀࡉᐇ࡚ࡋ㏣ຍࢆ௳
◊✲⌮ጤဨࡢᢎㄆࢆᚓࡓ㸸ཷ␒ྕ 653㸧ࢪࣜ࢜ࠋ

2022ࠊࡶࢀࡎ࠸ࠊࡣグࡓࡋ㞟ࣝࢼ ᖺࡢ㛫බ㛤

ࢹせ࣓ࡿࡁಙ㢗࡛ࠊࡣグࡢ┿ࠋࡿ࠶グ࡛ࡓࢀࡉ

ࢡࣇࠊࡣグࡢഇࠋࡓࢀࡉ㞟ࡽ㸦[4]ཧ↷㸧

㸦PolitiFact1ࢺࢧࢡࢵ࢙ࢳࢺ Health Feedback2㸧࡛ഇ

グࠋࡓࢀࡉ㞟ࡽࡢࡶࡓࡅཷࢆᐃࡢ 1 ࠊࡾࡓ࠶௳

⿕㦂⪅⣙ 140 ࡣᐇ㦂ࠋࡿ࠸࡚ࢀࡽᚓࡀホ౯ࡢྡ Prolific
ࡓࢀࡉᙧ࡛ᐇࡿࡍເ㞟ࢆ⪅㦂⿕ࡢ⡿ᅜᅾఫ࡚ࡗࢆ

㸦Roozenbeek ィ⤫ࡢ⡿ᅜேཱྀࠊࡾ࡞␗⌧ᐇ㦂ࡢࡽ

࠸࡚ࢀࢃࡣ⬟ᶵࡿࡍ㞟ࢆࣝࣉࣥࢧ࠺ࡼࡿࡍ⮴୍

ⓗ⤒ࡢぬ▱ࡢࡉ☜ṇࠊࡣศᯒ࡛ࡢ✏ᮏࠊ࠾࡞ࠋ㸧࠸࡞

ኚࡢ୍ྠࢆグ࡚࠸ࡘㄪࠊࡵࡓࡿ㏣ຍࡓࡋグ

12 ࡋ⏝ࡀࡽ Roozenbeekࠊࡎࢃࡣࢱ࣮ࢹࡿࡍ㛵௳

グࡓ 30  ࠋࡿࡍ⏝ࢆࡳࡢࢱ࣮ࢹࡿࡍ㛵௳

3. ṇ☜ࡢࡉ▱ぬࡢ⤒ⓗ࡞ኚ 

 ᮏ❶࡛ࠊࡣRoozenbeek ࡀࡽࡓࡗグ 30 ௳㸦┿ 15
ഇࠊ௳ 15 ௳㸧2020ࠊ࡚࠸ࡘ ᖺ 9 ᭶2023ࠊࡽ ᖺ 2
᭶ࠊ࡚ࡅCOVID-19 グࡢṇ☜ࡢࡉ▱ぬࡢࡀ

ࡢࢺࢵࢭࢱ࣮ࢹࡓࡋ⏝ࠋࡿㄪࢆࡓࡋኚ࠺ࡼ

                                                  
1 https://www.politifact.com/ 
2 https://healthfeedback.org/ 

㸯ほ ࡿ࠶ࠊࡣグࡿ࠶ࢆ⿕㦂⪅ࡀホ౯ࡓࡋ⤖ᯝ࡛࠶

ホ౯グࡢࡾࡓ࠶⪅㸯⿕㦂ࠕࠊࡣᩘ ほ⥲ࠊࡾࡲࡘࠋࡿ

ᩘࠖェࠕ⿕㦂⪅ᩘࠖࠋࡿ࡞ 
 
3.1 ศᯒࣔࣝࢹ⤖ᯝ 

 ༢ᅇᖐศᯒࠊ㔜ᅇᖐศᯒࢆᐇࠋࡓࡋศᯒࠊࡣᅇ

ᖐࣔࢆ(3)-(1)ࣝࢹࠋࡓࡗ 

accuracy = ߚ   ଵtypeߚ
accuracy = ߚ   ଵdateߚ
accuracy = ߚ   ଷtype dateߚଶdateߚଵtypeߚ

(1) 
(2) 
(3) 

typeࠊdateࠊaccuracyࠊࡇࡇ ኚࡣ 㸦ᩘ⾲ 2.1 ཧ↷㸧ߚࠊ-ߚଷ
ࢆᯝ⤖ࡢศᯒࠋ㸧ࡓࡋ␎┬ࡣ㸦ㄗᕪ㡯ࡿ࠶ᅇᖐಀᩘ࡛ࡣ

⾲ 3.1  ࠋࡍ♧
⾲ 3.1 ศᯒ⤖ᯝ 

 (1) (2) (3) 
type(real) 0.716***  0.760*** 
 (0.012)  (0.014) 
date(F2023)  0.070*** 0.184*** 
  (0.015) (0.020) 
type(real) 
 × date(F2023) 

  -0.227*** 
   (0.029) 
Constant -0.397*** -0.052*** -0.432*** 
 (0.009) (0.008) (0.010) 
Num.Obs. 21220 21220 21220 
R2 0.135 0.001 0.138 

* p < 0.05, ** p < 0.01, *** p < 0.001 
Note: Standard errors are in parenthesis. 

 

ࠊࢆグࡢ(real)┿ࠊࡣ⪅㦂⿕ࠊࡽᯝ⤖ࡢ(1)ࣝࢹࣔ

ഇ(fake)ࡢグࡾࡼṇ☜ṇࢃࡀࡇࡿࡍุ᩿ࡃࡋ

Pennycookࠋࡿ ഇ┿ࠋࡿࡍྜᩚࡶᐇ㦂⤖ᯝ[4]ࡢࡽ

ᕪࡢぬ▱ࡢࡉ☜ṇࡢグࡢ 0.716, p < 0.001 ᑠ࡚ࡋỴࡣ

⾲㸦࠸࡞ࡃࡉ 2.1 1-ࡣぬ▱ࡢࡉ☜ṇࠊࡾ㏻ࡓࡋグ 

ࡽ 1 Fujimotoࠊࡽᯝ⤖ࡢ(2)ࣝࢹࣔࠋ㸧ࡿࢆ್ࡢ࡛ࡲ
Roozenbeekࠊ⪅㦂⿕ࡢ⌧ᐇ㦂(F2023)ࡢࡽ ⌧ࡢࡽ

ᐇ㦂(R2020)ࡢ⿕㦂⪅ࠊࡣṇ☜ࡢࡉ▱ぬᕪࡣㄆࢀࡽࡵ

 ,㸦0.070ࡿࢃࡀࡇ࠸ࡉᑠ࡚ࡵᴟࡣᕪࡢࡑࠊࡢࡢࡶࡿ
p < 0.001㸧ࡢ(3)ࣝࢹࣔࠋ⤖ᯝࠊࡽ┿ഇ (type)ᮇ

(date)ࡢ㛫ࡣస⏝ࡀㄆࡢࡑࠊࢀࡽࡵࡣࡉࡁ

-0.227, p < 0.001 ☜ṇࡢഇグࠊ࠸క⤒ࠋࡿࢃ

ࡉ☜ṇࡢグ┿ࠊࡀ㸦+0.184㸧ࡿ࡞ࡃࡁࡣぬ▱ࡢࡉ

 ࠋ㸦-0.043=0.184-0.227㸧ࡿ࡞ࡃࡉᑠ㏫ࡣぬ▱ࡢ

 

3.2 ⪃ᐹ 
 Roozenbeek COVID-19ࠕࠊࡣࡽ ࡓࡋ㡰ᛂㄗሗࡢ ࠖ

ࢱ࣮ࢹࡢࠎᡃࠊࡣᛶ⬟ྍࡢࡇࠋࡓࡋᣦࢆᛶ⬟ྍ࠺࠸

ぬ▱ࡢࡉ☜ṇࡢグࡢഇࠊࡾࡲࡘࠋࡓࢀࡉᨭᣢࡽ

ࡽࡵㄆࡀቑຍ㸦+0.184㸧࡞᭷ព࠺క⤒ࠊࡣ࡚࠸ࡘ

ぬ▱ࡢࡉ☜ṇࡢグࡢ┿ࠊࡣᮏศᯒ࡛ࠊ᪉୍ࠋࡓࢀ

ΩτβϨ (ร਼໌)ߴ

covid

DemRep

झྪࣆى type

Ճࣆى accuracy

غ࣎ݩࣰ date

ෆᐜ䛜┿䛾グ(real)䛸ഇ䛾グ(fake)
䛛䜙䛺䜛

グ䛜┿ᐇ䛸ᛮ䛖䛛䛻䛴䛔䛶䚸Yes
(1)䚸No䠄-1䠅䛷ホ౯䛧䛯⤖ᯝ䠄Fujimoto䜙
䛾⌧ᐇ㦂䛷䛿5-point 䝸䝑䜹䞊䝖ᑻᗘ
䛷 ᐃ䛧䛯䛯䜑䚸1,2䜢-1䚸3䜢0䚸4,5䜢1
䛸ኚ䛧䛶⏝䛧䛯䠅

Roozenbeek䜙䛾⌧ᐇ㦂䛾ᮇ
(R2020)䛸䚸Fujimoto䜙䛾⌧ᐇ㦂䛾
ᮇ䠄F2023䠅䛛䜙䛺䜛

⾲「.1 ᮏศᯒ࡛⏝ࡢࢱ࣮ࢹࡿࡍ㡯┠

ઈ

ਕָܯ౹
Age, Gender, Reside,
Ethnicity, Education,
Income

ᖺ㱋䚸ᛶู䚸ᒃఫᕞ䚸Ẹ᪘䚸ᩍ⫱䜢ཷ䛡
䛯ᖺᩘ䚸ᖺ

අंݩخຌସౕ

COVID-19䛜Ẽ䛻䛺䜛⛬ᗘ䜢0-100䛷ホ
౯䛧䛯⤖ᯝ䠄䝇䝷䜲䝗䝞䞊䛷ᣦᐃ䠅

ᨻⓗ೫䜚䜢䠒ẁ㝵䛷ホ౯䛧䛯⤖ᯝ䠖
Strongly Democratic (-2.5), Democratic
(-1.5), Lean Democratic (-0.5), Lean
Republican (0.5), Republican (1.5),
Strongly Republican (2.5)

2023年度日本認知科学会第40回大会 P1-034

170



ࠊᯝ⤖ࡢࡇࠋࡓㄪࢆኚ࡞ⓗ⤒ࡢࡑࠊࡾࡸࢆ┠ࡶ

㏫ࡣグࡢഇࠊࡣ࡚࠸ࡘぬ▱ࡢࡉ☜ṇࡢグࡢ┿

ࡇࠋࡓࢀࡽࡵㄆࡀῶᑡ㸦-0.043㸧࡞᭷ព࠺క⤒ࠊ

ࡿࡍぬ▱࠸ࡋṇࢆグࡢഇࠊ༢ࠊࡣ⪅㦂⿕ࠊࡣࢀ

᪉ྥኚࡢ┿ࠊࡃ࡞࡛ࡅࡔࡓࡋグࢆㄗࡾ▱ぬࡍ

ࠊࡿ࠼࠸ゝࠋࡿࡍ၀♧ࢆࡇࡓࡋኚࡶ᪉ྥࡿ

⿕㦂⪅ࠊࡣṇ☜ࡿࡍุ᩿ࢆࡉ㆑ูຊ㸦 accuracy 
discernment㸧ࢆ⤒ࡶపୗྍࡓࡏࡉ⬟ᛶࢆ♧၀

ࠊࡶ࡛[4,5]✲◊ࡢ࡛ࡲࢀࡇࠊࡣ㆑ูຊࡢࡉ☜ṇࠋࡿࡍ

ṇ☜ࡢࢪࢵࢼࡉຠᯝࢆỴࡿࡵ㔜せ࡞せᅉㄆ㆑࡚ࢀࡉ

ᕥࢆຠᯝࡢࢪࢵࢼࡉ☜ṇࠊࡀ㆑ูຊࡢࡇࠊࡋࡶࠋࡿ࠸

Roozenbeekࠊࡤࡽ࡞ࡿ࠶せᅉ࡛࡞㔜せࡿࡍྑ ⌧ࡢࡽ

ᐇ㦂࡛ࠊຠᯝࡀࢬࢧࡢⴭࡃࡋᑠࡓࡗ࡞ࡃࡉཎᅉࠊࡣ

༢ࠊㄗሗ㡰ᛂࠕࠊࡃ࡞ࡣ࡛ࡅࡔࡓࡋCOVID-19 㛵㐃

グయࡢ㆑ูຊࡀపୗ࠺࠸ࠖࡵࡓࡓࡋ௬ㄝࢆᚓ

 ࠋࡿࡁ࡛ࡀࡇࡿ

4. ṇ☜ࡢࡉ㆑ูຊࢆపୗࡿࡏࡉせᅉ 

 ᮏ❶࡛ࠊࡣ⤒ࡶṇ☜ࡢࡉ㆑ูຊࡀపୗࡿࡍ

࠸ࡘせᅉࡍࡽࡓࡶࢆపୗࡢࡇࠊࡕࡢࡓࡋㄆ☜ࢆࡇ

࡚ศᯒ4.2ࠋࡿࡍ ⠇ (1)࡛ࢫࣝ࢘ࢼࣟࢥࠊࡣὶ⾜ࡢ

㛵ᚰࡢ⛬ᗘ covid ࡞ᨻⓗࠊࡣ࡛(2)ࠊࡋ┠╔ኚࡢ

೫ࡾ DemRep ➨ࠋࡿࡍ┠╔ኚࡢ 3 ศᯒᡭࡌྠ❶

ἲࠊࡀࡿ࠸⏝ࢆḟᘧ࡛ᐃ⩏ࡿࢀࡉṇ☜ࡢࡉ㆑ูຊ

㸦discernment㸧ࢆᚑᒓኚᩘ࡚ࡋ᪂ࡓᑟධࠋࡿࡍ 
 

discernment㸧: 
ồࢆホ౯ࡢࡉ☜ṇࡢࡑࠊ࡚ࡗࢆグࡢഇグࡢ┿

ܦ ࠋࡿࡍ⩏ḟᘧ࡛ᐃࢆܦ㆑ูຊࡢࡉ☜ṇࡢ⪅㦂⿕ࡢ┠␒݇ࠋࡿ࠼⪄ࢆᐇ㦂ࡿࡵ ൌ ͳ
グᩘࡢ┿

 ሻ ݈ܽ݁ݎሺݍ െ ͳ
ഇࡢグᩘ

 ሺ݂ܽ݇݁ሻݍ  

ࡢ┠␒݅ ࡣ ݂݁݇ܽ ࠊグࡢ┿ࡢ┠␒݅ࡣ ݈ܽ݁ݎ ࠊࡇࡇ

ഇࡢグݍࠊࡢ┠␒݇ࡣ⿕㦂⪅ࡢグࡢṇ☜ࡢࡉホ౯್

  ࠋࡿ࠶㛵ᩘ࡛ࡿ࠼ࢆ
Roozenbeek ࡣݍࠊࡣ⌧ᐇ㦂࡛ࡢࡽ 1㸦┿ホ౯㸧

್᭱ࡢܦ㆑ูຊࠊ࡛ࡢࡿࢆホ౯㸧1㸦ഇ-ࡣࡓࡲ

ࡣ 2㸦=1-(-1)㸧᭱ࠊᑠ್2-ࡣ㸦=-1-1㸧ࡿ࡞㸦್ࡀࡁ

ࠋ㸧ࡍ⾲ࢆࡇࡓࡋุ᩿☜ṇࡾࡼࢆഇ┿ࠊ࠸

Fujimoto point-5ࠊࡣ⌧ᐇ㦂࡛ࡢࡽ ࢆᑻᗘࢺ࣮࢝ࢵࣜ

-1, 0, 1 ⾲㸦ࡓ࠸⏝࡚ࡋኚ 2.1 ཧ↷㸧ࠊ࡛ࡢ㆑ูຊܦ
Roozenbeekࠊࡣᑠ್್᭱᭱ࡢ  ࠋࡿࡍ⮴୍ࡢࡶࡢࡽ

➨ 3 ࡈ⪅㦂⿕ࠊ࡚ࡗࢆࢺࢵࢭࢱ࣮ࢹࡓ࠸⏝࡛❶

ᵓࢆࢺࢵࢭࢱ࣮ࢹࡓ᪂ࠊࡋ⟭ィࢆ㆑ูຊࡢࡉ☜ṇ

⠏ࡓࡋ㸦⥲ほ ᩘࡣ⿕㦂⪅ᩘࡿࡍ⮴୍㸧ࠋ 
 

4.1 ṇ☜ࡢࡉ㆑ูຊࡣపୗࡿࡍ 

ศᯒࠊࡣᅇᖐࣔࢆ(4)ࣝࢹࠋࡓࡗ 

discernment = ߚ   ଵdate (4)ߚ
dateࠊdiscernmentࠊࡇࡇ ⾲⩏ᐃࡢኚᩘ㸦ᮏ⠇ࡣ 2.1
ཧ↷㸧ߚࠊߚଵࡣᅇᖐಀᩘ࡛ࡿ࠶㸦ㄗᕪ㡯ࡓࡋ␎┬ࡣ㸧ࠋ

ศᯒࡢ⤖ᯝࢆ⾲ 4.1  ࠋࡍ♧
⾲ 4.1 ศᯒ⤖ᯝ 

 (4) 
date(F2023) -0.227*** 
 (0.035) 
Constant 0.760*** 
 (0.022) 
Num.Obs. 984 
R2 0.041 

* p < 0.05, ** p < 0.01, *** p < 0.001 
Note: Standard errors are in parenthesis. 

 
2020ࠊࡣ㆑ูຊࡢࡉ☜ṇࠊࡽᯝ⤖ࡢ(4)ࣝࢹࣔ ᖺ 9

᭶2023ࠊࡽᖺ2᭶࡚ࡅపୗࡓࡋ㸦-0.227, p < 0.001㸧
2020ࠋࡿࢃࡀࡇ ᖺ 9 ᭶ࡢ㆑ูຊ㸦0.76㸧࠾ࠊࡽ

 ࠋ࠸࡞ࡣపୗ࡛࠸ࡉᑠ࡚ࡋỴࠊ࡛ࡢࡿ࡞29.9%ῶࡑࡼ
 
4.2 ศᯒࣔࣝࢹ⤖ᯝ 

 ࡽࡓࢀⷧࡀ㛵ᚰࡢ⾜ὶࢫࣝ࢘ࢼࣟࢥ (1)

ศᯒࠊࡣᅇᖐࣔࢆ(6)ࠊ(5)ࣝࢹࠋࡓࡗ 

covid = ߚ   ଵdateߚ
discernment = ߚ   ଷdate covidߚଶcovidߚଵdateߚ

(5) 
(6) 

discernmentࠊdateࠊcovidࠊࡇࡇ ኚࡣ 㸦ᩘ⾲ 2.1 ᮏ⠇

␎┬ࡣ㸦ㄗᕪ㡯ࡿ࠶ᅇᖐಀᩘ࡛ࡣଷߚ-ߚࠊᐃ⩏ཧ↷㸧ࡢ

⾲ࢆᯝ⤖ࡢศᯒࠋ㸧ࡓࡋ 4.2  ࠋࡍ♧
⾲ 4.2 ศᯒ⤖ᯝ 

 (5) (6) 
date(F2023) -24.345*** -0.416*** 
 (1.865) (0.082) 
covid  0.000 
  (0.001) 
covid 
× date(F2023)  0.004*** 

  (0.001) 
Constant 71.942*** 0.738*** 
 (0.996) (0.062) 
Num.Obs. 1174 983 
R2 0.137 0.069 

* p < 0.05, ** p < 0.01, *** p < 0.001 
Note: Standard errors are in parenthesis. 

 
COVID-19ࠊࡽᯝ⤖ࡢ(5)ࣝࢹࣔ ࡚࠸ࡘ㛵ᚰࡢ

2020ࠊࡣ ᖺ 9 ᭶2023ࠊࡽ ᖺ 2 ᭶☜࡚ࡅపୗ

ࢹࣔࠊࡋࡋࠋࡿࢃࡀࡇ㸦-24.345, p < 0.001㸧ࡓࡋ
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COVID-19ࠊࡣࡽᯝ⤖ࡢ(6)ࣝ పࡢ㆑ูຊࡣ㛵ᚰࡢ

ୗࢆㄝ᫂ࡿࡍせ࡞せᅉ࡛ࠋࡿࢃࡀࡇ࠸࡞ලయⓗ

2020ࠊࡣ ᖺ 9 ᭶ࡢᮇ࡛ࡣ covid ࢆపୗࡢ㆑ูຊࡣ

ㄝ᫂2023ࠊࡎࡏ ᖺ 2 ᭶ࡢᮇ࡛ࡎࢃࡣㄝ᫂ࡶࡿࡍ

covidࠊ㸦௬ࡿࢃࡀࡇ࠸ࡉᑠࡣಀᩘࡢࡑࠊࡢࡢ ࡀ

24.345ῶ0.097ࠊࡶ࡚ࡋࡓࡗ㸦=24.345ェ(0.004+0.000)㸧
dateࠊࡣࢀࡇࠋ࠸࡞ࡋㄝ᫂ࡋኚࡢ㆑ูຊࡢ ಀᩘࡢ

㸦-0.416, p < 0.001㸧ࡢ 23%⛬ᗘ࡛ࡿ࠶㸧ࠋ 
 
(2) ᨻⓗ࡞೫ࡀࡾᐇ㦂ࡽࡓࡗ࡞␗࡚ࡗࡼ 
ศᯒࠊࡣᅇᖐࣔࢆ(8)ࠊ(7)ࣝࢹࠋࡓࡗ 

DemRep = ߚ   ଵdateߚ
discernment = ߚ   ଷdate DemRepߚଶDemRepߚଵdateߚ

(7) 
(8) 

discernmentࠊdateࠊDemRepࠊࡇࡇ ⾲ኚᩘ㸦ࡣ 2.1 

ᮏ⠇ࡢᐃ⩏ཧ↷㸧ߚࠊ-ߚଷࡣᅇᖐಀᩘ࡛ࡿ࠶㸦ㄗᕪ㡯ࡣ

⾲ࢆᯝ⤖ࡢศᯒࠋ㸧ࡓࡋ␎┬ 4.3  ࠋࡍ♧
⾲ 4.3 ศᯒ⤖ᯝ 

 (7) (8) 
date(F2023) -0.627*** -0.366*** 
 (0.087) (0.040) 
DemRep  -0.014 
  (0.015) 
DemRep 
× date(F2023)  -0.159*** 

  (0.025) 
Constant -0.199*** 0.758*** 
 (0.057) (0.022) 
Num.Obs. 1171 980 
R2 0.039 0.116 

* p < 0.05, ** p < 0.01, *** p < 0.001 
Note: Standard errors are in parenthesis. 

 
2023ࠊࡣ࡚࠸ࡘࡾ೫࡞ᨻⓗࠊࡽᯝ⤖ࡢ(7)ࣝࢹࣔ

ᖺ 2 ᭶ࡢᐇ㦂ࡢ⿕㦂⪅2020ࠊࡣ ᖺ 9 ᭶ࡢᐇ㦂ࡢ⿕㦂⪅

㸦-0.627, p < 0.001㸧ࡓࡗ࠶࡛ࡾẸඪᐤࡸࡸࠊẚ
ࣔࠊᵝྠᯝ⤖ࡢ(6)ࣝࢹࣔࠊࡋࡋࠋࡿࢃࡀࡇ

ࢆపୗࡢ㆑ูຊࡣࡾ೫࡞ᨻⓗࠊࡣࡽᯝ⤖ࡢ(8)ࣝࢹ

ㄝ᫂ࡿࡍせ࡞せᅉ࡛ࠋࡿࢃࡀࡇ࠸࡞ලయⓗࠊࡣ

2020 ᖺ 9 ᭶ࡢᮇ࡛ࡣDemRepࡣ㆑ูຊࡢపୗࢆㄝ᫂

2023ࠊࡎࡏ ᖺ 2 ᭶ࡢᮇ࡛ࡎࢃࡣㄝ᫂ࠊࡢࡢࡶࡿࡍ

0.627ࡀDemRepࠊ㸦௬ࡿࢃࡀࡇ࠸ࡉᑠࡣಀᩘࡢࡑ
ῶ0.11ࠊࡶ࡚ࡋࡓࡗ㸦=0.627ェ(0.159+0.014)㸧ࡢ㆑ู

ຊࡢኚࡋㄝ᫂ࠊࡣࢀࡇࠋ࠸࡞ࡋdate ಀࡢ 㸦ᩘ-0.366, 
p < 0.001㸧ࡢ 30%⛬ᗘ࡛ࡿ࠶㸧ࠋ 

ࣙࢩࢵ࢝ࢫࢹ .5  ࣥ

ᮏ✏࡛ࠊࡣ⤒క࠺ COVID-19 㛵㐃グࡢṇ☜ࡉ

ලࠋࡓࡋሗ࿌ࢆᯝ⤖ࡓࡋศᯒ࡚࠸ࡘኚࡢ㆑ูຊࡢ

యⓗࠊࡣṇ☜ࡢࡉ㆑ูຊࡣ⤒ࡶపୗࡇࡿࡍ

COVID-19ࠊࡣ࡚࠸ࡘపୗࡢࡇࠊࡋ♧ࢆ 㛵ᚰࡢ

༑ศࡣ࡛ࡅࡔኚࡢࡾ೫࡞ᨻⓗࠊࡸࡇࡓࡗࡲⷧࡀ

 ࠋࡓࡋㄆ☜ࢆࡇ࠸࡞ࢀࡉㄝ᫂
ᮏ✏ࡢศᯒࠊࡣ᥈⣴ⓗ࡛ࡢࡑࠊࡾ࠶ព࡛ࠊᚓࢀࡽ

௬ㄝ࡞ࡓ᪂ࠊࢁࡋࡴࡾࡼ࠺࠸ド⤖ᯝ᳨ࠊࡣᯝ⤖ࡓ

ᤊࠋ࠺ࢁ࠶࡛ࡁࡿ࠼ᚋࠊࡣ௬ㄝࢆ᫂☜ࠊࡋ๓

Ⓩ㘓ࠊ࠼࠺ࡢᐇ㦂᳨࡚ࡗ⾜ࢆド࠺࠸ࡿࡍᡭ⥆ࡀࡁᚲ

せࠊࡓࡲࠋࡿ࡞ᮏ✏ࡢศᯒ࡛ࡣ㸦ᆒ୍ศᩓ࡛↓┦㛵

࣮ࢱࢫࣛࢡࠊᚋࠊࡀࡓࡗࢆ㸧ᶆ‽ㄗᕪࡿࡍ௬ᐃࢆ

ࠋࡿ࠶ࡀᚲせࡿࡵᨵศᯒࡓࡗࢆᶆ‽ㄗᕪࢺࢫࣂࣟ

ࡘ㸦ࡿ࡞␗ࡀ⪅㦂⿕ࡓࡋ㛫࡛ཧຍࢺࢵࢭࢱ࣮ࢹࠊࡓࡲ

ࡓࡗᡶࢆὀពࡶ࡚࠸ࡘ㸧Ⅼ࠸࡞࡛ࢱ࣮ࢹࣝࢿࣃࡾࡲ

ศᯒࡀᚲせࠊ࠾࡞ࠋࡿ࡞⾲ 4.1 - 4.3 ศᯒࡓࡋ♧

ࡵㄆࡀ␗ᕪ࡞ࡁ⌧ᐇ㦂࡛ẚ㍑ⓗࡢࡘࠊࡣ࡚࠸ࡘ

࣮ࣟࢺࣥࢥࢆᛶู㸧ேཱྀ⤫ィᏛⓗኚᩘ㸦ᖺ㱋ࡓࢀࡽ

ࣝኚᩘࡳ⤌㎸ྠࡡࡴ࠾࠾ࠊࡶ࡚࠸⏝ࢆࣝࢹࣔࡔࢇᵝ

 ࠋࡓࢀࡽᚓࡀᯝ⤖ࡢ

ㅰ㎡ 

ᮏ✏ࡢศᯒ࡛ࠊࡣ㞧ㄅᥖ㍕క࠸බ㛤ࡓࢀࡉᐇ㦂ࢹ

㸦19K03253㸧㈝◊⛉ࡣ✲◊ᮏࠋࡓࡋ⏝ࢆ㒊୍ࡢ[5]ࢱ࣮
 ࠋࡓࡅཷࢆຓᡂࡢ
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