201600 0000000033000

P2-26

PEEICHITHREEFEZHRIDE L
IR R DT E T TIILDEE
The Construction of Computational Model for Inductive Reasoning in
Chinese with a focus on predicate verb

ARHAR, AREE, IR, EME,

FoHE —1, IIEE4

Yujie Zhang, Yali Zhang, Asuka Terai, Wanying Wang, Kenichi Kikuchi, Masanori Nakagawa
VRO R S BRI R 2R, AT RO ERE S50 B AR

NN IR CRERF S AT MERBIFE

SRFELF RN TS SR E AT

Toho University, Tsinghua University, Future University Hakodate, Otsuma Women’s University
zhang@sci.toho-u.ac.jp

Abstract

In previous studies, we constructed a computational model
of inductive reasoning based on the probabilistic concept
structure estimated by the statistical analysis of large scale
Chinese language data (e.g. Zhang, et al. 2013). This model
mainly depended on similarities of nouns between premises
and the conclusion. However, Heit and Rubinstein (1994)
showed that not only nouns but also predicates affect the
inductive reasoning.

In this study, adding to the previous model, the
relationships between subject (nouns) and predicate (verbs),
predicate (verbs) and objects (nouns) were included in the
model based on the probabilistic concept structure estimated
by the statistical analysis of large scale Chinese language
data. Then, the validity of the model was verified using the
psychological experiment.

Furthermore, for the comparison of simulation results
between the previous model and the present one, we input
the same predicate (verbs) and nouns in the both models.
The results show that erroneous outputs of the previous
model are improved successfully in the present one.
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