201600 0000000033000

S EmIcE

2><

P1-20

HEETFILZAW:

XEDBEEFIRTICET S8R5
An examination of aptness in a sentence decision using
computational models based on a statistical language analysis
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Abstract

Selection restrictions are co-occurrence constraints
or possibilities which are observed between given lex-
ical items. Although a sentence is grammatically cor-
rect, it is hardly interpreted (e.g. “The typhoon
attacks happiness. ” ) with violations of selection re-
striction. In the present study, three types of com-
putational models are constructed based on corpora
that estimate aptness of a noun as the Object or
“ Subject-Object-Verb ”

One model is a Bayes model and the two others are

the Subject in the sentence
network models. Psychological experiments are con-
ducted to elucidate which model estimate the aptness
most successfully. Comparison among the results of
psychological experiment and model simulation en-
dorses that the Bayes model brings about best per-
formance.
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