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Abstract

We applied the LS (loosely symmetric) model pro-
posed by Shinohara to reinforcement learning. For
that purpose, we analyzed some distinctive properties
of LS in decision-making including self-organization
of policy, resulting from symmetric inference by the
model. Based on the analysis, we constructed a
reinforcement-learning algorithm using LS as the
value function. We showed the new algorithm ’ s ef-
ficacy in Acrobot task that has nonlinear dynamics.
This study prepares future extensions of the model.
Keywords — Symmetric reasoning, Decision-

making, Reinforcement learning
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2. Loosely Symmetric Model
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